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In the short term we devide, in the long 
term we unite 
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Demographic diversity and cohesion 

•  Theory predicts that diversity decreases cohesion but empirical 
research lead to mixed results 

•  Lau and Murnighan (1998): effect is moderated by the strength of 
the demographic faultline 

A faultline is strong when demographic attributes are correlated 



2 

10/8/12  | 3 
Lau and Murnighan’s faultline theory I 

r=0 r=.2 r=.4 

r=.6 r=.8 

r=1 

•  First assumption: Strong faultlines and homophily result in 
formation of subgroups 
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Lau and Murnighan’s faultline theory II 

•  Second assumption: Interaction partners influence each others’ 
opinions on work related issues 

-1 +1 
J J 

•  “subgroups may find themselves polarizing and taking positions 
that become increasingly extreme” (Lau and Murnighan 1998: 
332) 

-1 +1 
J J J J 

r=.8 
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Crosscutting cleavages 

•  Same prediction, different mechanism: crisscrossing actors reconcile 

 “Take the case of a tension between blacks and whites. If the lines of 
cleavage cross, each opposition will weaken the other. But if, as 
sometimes happens, all the employers are white and all the employed 
are black men, then one antagonism reinforces the other and the rift in 
society is deeper then ever.” (Ross 1920: 164-165) 

r=0 r=.2 r=.4 

r=.6 r=.8 

r=1 
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Crosscutting cleavages 

•  Same prediction, different mechanism: crisscrossing actors reconcile 
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Research question 

•  The theories highlight opposing forces 

•  Disintegrating forces of faultlines 

•  Integrating forces of crisscrossing actors 

Under which conditions will one of the forces dominate?  

r=.8 

•  Conjectures: strong faultlines foster opinion polarization … 
… when homophily is strong 

… when there is strong congruency 

… only in the short term 
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The model 

§  20 agents, each is described by: 

ê  Three demographic attributes (fixed):  { }1;1−∈fix
ida

ê  Opinion on one issue (open to influence):  11 +≤≤− flex
ika

ê  An agent’s opinion on a certain issue depends on the number of 
salient pro and con arguments. The more pro arguments an 
agent uses, the more positive his opinion will be. 

§  What happens in each simulation round? 
1. Random selection of an agent i 

2. Selection of an interaction partner j – based on homophily  
3. i adopts one of j’s arguments – based on persuasive arguments  

ê  There are 10 pro and 10 con arguments and agents base their 
opinion on 4 of them  
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ê  Computer calculates the similarity between i and his team 

mates   
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ê  The higher the similarity between i and j, the more likely they will 
interact    

§  i adopts one of j’s arguments:  
ê  Computer randomly selects one of j’s arguments to be adopted 

by i   
ê  If the argument is new for i then one of his initial arguments will 

not be salient anymore.    

h: strength of 
homophily  
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Typical run with maximal faultline strength 

•  Strong congruency 

•  Strong homophily 

•  Agents placed near to 
each other when 
opinions are similar 
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•  Simulation experiment 
with maximal faultline 
strength 

•  500 runs per condition 

•  Bubbles represent 
number of runs that ended 
with maximal/stable 
polarization 

Typical run with a strong faultline (r=.8) 

•  Strong congruency 

•  Strong homophily 

•  Agents placed near to 
each other when 
opinions are similar 
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Simulation results 

•  All runs with non-maximal faultlines ended with consensus 

•  Maximal degree of polarization reached in a run was high … 

… when faultlines were strong 

… when congruency was strong 

… when homophily was strong 
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•  Bubbles represent 
(average) number of 
simulation events needed 
to reach consensus 

•  Strong faultline teams 
reached consensus faster 

Unexpected finding 
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How is this possible? 
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Polarization collapsed over 20 runs each

r=0 

r=.8 
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•  Faultline model can explain stable polarization only when faultlines 
are maximally strong  

Take-home message 

•  Identity processes may amplify polarization 
•  Even when faultlines are very strong, polarization emerges only 

when homophily and congruency are strong.  
•  This might explain mixed empirical findings 

•  Managers might have impact on these variables 

•  Formal models help to identify unexpected and counter-intuitive 
implications of complex theories. 
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Take-home message 


